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Background: Relational information is critical for understanding social interactions anc
brain—particularly in the superior temporal sulcus (STS). However, most computationa

Introduction

IS represented in the human
. models overlook its importance.

Goal: Compare relational models (SocialGNN" & RNN Gaze) against a hon-relational model (RNN Entity) and SOTA vision
models? in predicting human behavioral and neural responses to social scenes.
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- Relational models better predict facing and communication - Relational models better predict the STS regions.
than the best SOTA vision model overall (DeiT)216! - RNN Entity better predicts the ventral region.
- Non-relational RNN Entity better predicts scene size.
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Simple neural networks trained on relational cues (e.g., gaze)

iIct human judgments of social interaction.
ict neural responses in the superior temporal sulcus (STS).

ar
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